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1.1. What is Social Media?

®
e Content creation is supported by software @ QD)
(no need to know HTML, CSS, JavaScript)

e Content is user-generated (as opposed to by
big publishers) or collaboratively-edited (as
opposed to by a single author)

© Web 2.0 (if you like —outdated— buzzwords)

® Examples:

@ Blogs (e.g., Wordpress, Blogger, Tumblr)

@ Social Networks (e.g., facebook, Google+)

o Wikis (e.g., Wikipedia but there are many more)

®
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Weblogs, Blogs, the Blogosphere

e Journal-like website, editing supported by
software, self-hosted or as a service

MY BIASED COIN

Andreessen-Horowitz Again
Andreessen Horowitz had a second Academic Roundtable, gathering
together academies, VCs, and people in startups to talk for a few days

L} L} [}
about a variety of topics. 1wasn't sure why I was invited the first time
(which I wrote about last year), and am even less clear on why [ was ,

invited back, but I again had a very good time.

Before a few words about the talks, the high order point: I'm told that

L} u
most/all of the talks will be put online over the coming weeks. So if
you're interested, you can experience them yourself. I think it's great
that they're doing that this year; if you like the talks, you should tell ,

them, so they keep doing it. (If they don't have comments there, you
can always comment here.) Sadly, they don't seem to be up yet, but Il
post the links when they become available.

bloggers make their living from it

what Ed Felten, well-known Princeton professor and now ex-Chief
Technologist of the FIC, thinks about the Bitcoin economy. Dawn
Song of Berkeley gave a general talk on security issues of the present
and future, while Dan Boneh of Stanford gave a talk on the power of
program obfuscation. Raj Rajikumar of CMU gave some history and
some peeks into the future of driverless cars -- it's not just Google, you

u | ]
Inow. Tuomas Sandholm of CMU talked about his take on the starting
of startups while still being an academic (based on now-multiple @ V I W I
experiences), and Josh Bloom of UC Berkeley (and wise.io) described

the differences between writing papers about machine learning and
building produets using machine learning.

Of course, some heated discussion about the variety of issues that arise
between academic work and transfer of technology to startups
inevitably ensued. (Maybe that's why I get invited.) The key idea
repeated by many (on both sides of the fence) in various forms was that
businesses (and in particular startups) are very busy going down their
road of development and product, and they may see many things out [Probability and Computin:
the sides of that road that are very interesting, but don't have time to Michoel Mitosnmach.

@ Blogroll (whose blogs does the blogger rea

explore off the road. Academics are interested in things way off the
road, often thinking of issues much further out in time-scale. And (at
least in my opinion) the role academics play is a good thing; there
(obviously) remains a lot of ways the two worlds can interact and

n ]
cooperate.
@ Posts of varying length and topics
LINKS TO THIE POST There was an error in this gadget
On Academia vs. Industry.... MSR SVC Closing ¥ 2014 (29)
I'm cne of those professor types that ends up defending the joys of life ¥ October (1)
as an academic versus a career in industry -- some of you who read this Andreessen-Horowitz Again
blog have probably seen me comment at Matt Welsh's blog or Daniel
., . . . L. P September (5)
Lemire's blog/Google+ chain. And to be clear I'm not anti-industry, I
just want to make sure there's a fair discussion. > August (7)

http://mybiasedcoin.blogspot.de

e Backed by XML feed (e.g., RSS or Atom
for content syndication
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Weblogs, Blogs, the Blogosphere

@ WordPress.com

MY BIASED COIN

© ~ 60M blogs

Andreessen-Horowitz Again

Andreessen Horowitz had a second Academic Roundtable, gathering
together academies, VCs, and people in startups to talk for a few days
about a variety of topics. I wasn't sure why I was invited the first time
(which I wrote about last year), and am even less clear on why [ was

® ~ 50M posts/month

Before a few words about the talks, the high order point: I'm told that
‘most/all of the talks will be put online over the coming weeks. So if
you're interested, you can experience them yourself. I think it's great
that they're doing that this year; if you like the talks, you should tell
them, so they keep doing it. (If they don't have comments there, you
can always comment here.) Sadly, they don't seem to be up yet, but Il

© ~ 50M comments/mont

Highlights would include a discussion of Bitcoin -- interesting to hear
what Ed Felten, well-known Princeton professor and now ex-Chief
Technologist of the FIC, thinks about the Bitcoin economy. Dawn
Song of Berkeley gave a general talk on security issues of the present
and future, while Dan Boneh of Stanford gave a talk on the power of
program obfuscation. Raj Rajikumar of CMU gave some history and

some peeks into the future of driverless cars -- it's not just Google, you
Inow. Tuomas Sandholm of CMU talked about his take on the starting @ u I I l I ‘ 0 I I l a O O
of startups while still being an academic (based on now-multiple | ] | ]

experiences), and Josh Bloom of UC Berkeley (and wise.io) described
the differences between writing papers about machine learning and
building produets using machine learning.

Of course, some heated discussion about the variety of issues that arise
between academic work and transfer of technology to startups
inevitably ensued. (Maybe that's why I get invited.) The key idea
repeated by many (on both sides of the fence) in various forms was that

© ~ 208M blogs

businesses (and in particular startups) are very busy going down their

road of development and product, and they may see many things out [Probability and Computin:

the sides of that road that are very interesting, but don't have time to M‘;““BLM ‘ZE"“;“
est Price §53.05

explore off the road. Academics are interested in things way off the or Buy New

road, often thinking of issues much further out in time-scale. And (at

least in my opinion) the role academics play is a good thing; there
(obviously) remains a lot of ways the two worlds can interact and @ ~
cooperate.

MICHAEL MITZENMACHER AT 6:44 PM 2 COMMENTS:
LINKS TO THIS POST

There was an error in this gadget

On Academia vs. Industry.... MSR SVC Closing ¥ 2014 (29)
I'm cne of those professor types that ends up defending the joys of life ¥ October (1) @ ~ p O S S ay
as an academic versus a career in industry -- some of you who read this Andreessen-Horowitz Again

blog have probably seen me comment at Matt Welsh's blog or Daniel

Lemire's blog/Google+ chain. And to be clear I'm not anti-industry, I
just want to make sure there's  fair discussion. » August (7)

http://mybiasedcoin.blogspot.de ® B I Og g e r. CO m by G OOg | e

P September (5)
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@ Tim Goliins retweetec
The Data Lab @' DatalabScotland - Oct 1¢
@ Join us for The Data Lab launch event on 30th October 2014 in Edlnburgh -

datascience buff.ly/1CquKKS

g 1 View summary
SIGSA Scotland ©@5ICSA Scotland - Oct 21
- Interested in how Big Data can help your biz? Talk to the researchers at the
[ forefront of this tech at #DEMOfest14 bit.ly/10Q37EW
2 View summary

Dave Winer @ “davewiner - 3
We are a species whose product is progress. We are ourselves forces for
evolution. scripting.com/2014/10/09/#%a1...

View summary

Neelie Kroes [MNesliekroesEL - 6
FollowWednesday congrats to the new @JunckerEU Commission! On Twitter

here twitter.com/EU_Commission/..., taking office in just 10 days.

AlleyWatch © Alley\atch - 1
M This Olympian Took On HealthTech - and Won a Medal For It

alleywat.ch/1radzbg via @alleywatch

B dj patil retwested
<, OAA Satellites ©NOAASatellites - 12
V Using NOAA View, compare monthly global Sea Surface Temperature in Sept
w1984 with Sept 2014. go.usa.gov/GaF3

m Dave Wine retweeted
=~ Patrik Malmberg © patrikmalmberg - 11
=" "I know you think it's idealistic but evolution only builds on open formats and
protocols” scripting.com/2014/10/10/you... from @davewiner
2 1
m Om Malik retweeted

Gigaom “'qiga T
From drones to SmartThings to Whirlpool, if you're interested in #loT tech, you
need to follow Structure Connect: bit.ly/127PFPPa

2 2 View summary

Twitter

Micro-blogging service created in March ‘06
Posts (tweets) limited to 140 characters
271M monthly active users

500M tweets/day = ~6K tweets/second
2B queries per day

/7% of accounts are outside of the U.S.
Hashtags (#atir014

Messages (@kberberi

Retweets
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Facebook, Google+, LinkedIn, Pinterest, ...
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Facebook, Google+, LinkedIn, Pinterest, ...

Informatik Universitét Saarland - Saarland University...

Science -

College & University

Timeline

PEOPLE >

1.0.8.8.8
1,533 likes
312 visits

Cristian Madrigal, Gera Shegalov and Eric Berberich
like this or have been here.

AW 3

Invite your friends to like this Page

ABOUT >

Hier posten und vernetzen Susi Béttcher (sb), Jana
Burnikel (jab), Sabine Lessel (sal), Sandra Wieken
(sw) und Gordon Bolduan (gob).

httpz/fwww.cs.uni-saarland.de/

Suggest Edits

PHOTOS >

VIDEOS >

About

o 1
4y Klaus Home Find Friends (L3

2014
2013
2012

=¥ - b 1
1 Liked v + Following W Message | ese [

Photos Reviews

More ~

3 Post

|| Photo / Video

Write something on this Page...

Informatik Universitit Saarland - Saarland University Computer Science
3 hours ago

Der Grundstein ist gelegt: Am Eingangsbereich Ost der Universitéit des
Saarlandes entsteht ein Neubau, der von dem Center for IT-Security, Privacy
and Accountability (CISPA) genutzt werden wird. Gestern machten
Ministerprasidentin Annegret K... See More

See Translation

Like - Comment - Share 2> 1 Share

' 5 people like this.

u Write a comment...
fad

Informatik Universitéit Saarland - Saarland University Computer Science
Today - Edited

Der Saarlandische Rundfunk filmt gerade das Projekt "PrintScreen” flr das
Simon Olberding (Graduiertenschule Informatik) den Best Paper Award auf
der UIST in #Hawaii gewonnen hat. /gob
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Meet a like-minded date! - ElitePartner, where attractive women are looking for longterm relationships

All Updates =

Pulse recommends this news for you

How Successful People Handle Toxic People

Dr. Travis Bradberry on Linkedin . Toxic people defy
logic. Some are blissfully unaware of the negative impact
that they have on those around them, and...

13h

WY could Your Company Pass the Marshmallow Test?

_", ¥ ,"’“ By Don Peppers - 1d

Why the backlash against egg freezing perks is ridiculous
™ T fortune.com - 1d
[\ i

Why Wall Street Matters to All of Us
(EAL et
| By Trish Regan - 21h

See your news

Grow your network. Connect with people you may know

Vinke Zlati¢
Research associate at Institut

Antonio Russo
Full Professor of Ethics

+ Connect + Connect

Geert-Jan Houben
professor at Delft University of

Christian Stary
Researcher

+ Connect + Connect

Keep growing your network. Find more connections »

European Parliament + Sponsored

The European Parliament has just approved the new European Commission. “Share” to
spread the news!

+ Follow European Parliament -

Like (162) - Comment (49) - Share - 2hago

Tural Salahov, Claudia Silva and 160 others

Show previous comments

Liam Paddison Not sure of the need to bring immigration into the debate, | have
emigrated with work myself in the past and have nothing but respect for

immigrants who have the courage to move their families overseas to create a
hattar lifa | talen incon suith the rAAEa

People You May Know
Francesco Saverio Nucci,
. Application Research Director at
© Connect
3 Ihab llyas, Professor at
R University of Waterloo

©Q Connect

Lambert Heller, Head of Open
Science Lab bei TIB Hannover

- © Connect
See more »
Improve your Career
[ 2 D gg
Business School

The Open University
MBA

At a flexible, affordable and respected
institution

You Recently Visited

Gaurav Munjal 2
Technical Sourcer at Google
Connect - Similar people

Who's Viewed Your Profile

5 Your profile has been viewed by 5
people in the past 15 days.

1 2 Your rank for profile views moved
hd down by 12% in the past 15 days.

iB Unlock the full list with Linkedin Premium

Who's Viewed Your Updates

o o
et .. .-._
Klaus, start getting noticed.

See who you reach when you share on
Linkedin.

Great articles to get you started »

Your Linkedin Network

275 Connections ‘
6,269,359 fsee



Challenges & Opportunities

e Content

e plenty of context (e.g., publication timestamp, relationships between
users, user profiles, comments)

@ short posts (e.g., on Twitter), colloquial/cryptic language

® spam (e.q., splogs, fake accounts)

e Dynamics
® up-to-date content — real-world events covered as they happen

® high update rates pose severe engineering challenges
(e.g., how to maintain indexes and collection statistics)
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How do People Search Blogs?

@ Mishne and de Rijke [8] analyzed a month-long query log
from a blog search engine (blogdigger.com) and found that

@ queries are mostly informational (vs. transactional or navigational)

© contextual: in which context is a specific named entity (i.e., person, location,
organization) mentioned, for instance, to find out opinions about it

® conceptual: which blogs cover a specific high-level concept or topic (e.g.,
stock trading, gay rights, linguists, islam)

® contextual more common than conceptual both for ad-hoc and filtering queries
® most popular topics: technology, entertainment, and politics

@ many queries (15-20%) related to current events
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http://blogdigger.com

How do People Search Twitter?

@ Jeevan et al. [10] conducted a survey (54 MS employees),
compared query logs from web search and Twitter, finding that
queries on Twitter

@ are often related to celebrities, memes, or other users
e are often repeated to monitor a specific topic
® are on average shorter than web queries (1.64 vs. 3.08 words)

e tend to return results that are shorter (19.55 vs. 33.95 words), less
diverse, and more often relate to social gossip and recent events

® People also directly express information needs using Twitter:
17% of tweets in the analyzed data correspond to questions

Advanced Topics in Information Retrieval / Social Media 10



10,000ft

e Feeds (e.q., blog, twitter user, facebook page)
@ Posts (e.g., blog posts, tweets, facebook posts)

e We'll consider
o textual content of posts
© publication timestamps of posts
® hyperlinks contained in posts
o We'll ignore
e other links (e.qg., friendship, follower/followee)

® hashtags, images, comments

Advanced Topics in Information Retrieval / Social Media
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Tasks

® Post retrieval identifies posts relevant to a specific information
need (e.g., how is life in lceland?)

@ Opinion retrieval finds posts relevant to a specific named entity
(e.g., a company or celebrity) which express an opinion about it

© Feed distillation identifies feeds relevant to a topic, so that the
user can subscribe to their posts (e.g., who tweets about C++7?)

@ Top-story identification leverages social media to determine the
most important news stories (e.g., to display on front page)

Advanced Topics in Information Retrieval / Social Media 12



1.2. Opinion Retrieval

@ Opinion retrieval finds posts relevant to a specific named entity
(e.g., a company or celebrity) which express an opinion about it

e Examples: (from TREC Blog track 2006)

® macbook Pro Title:
whole foods
® |on stewart -
Description:
Find opinions on the quality, expense, and value
@ Whole foods -------==--ssnmnn-- of purchases at Whole Foods stores.
: Narrative:
® mardi gras

All opinions on the quality, expense and value of \WWhole Foods
purchases are relevant. Comments on business and labor

® Cheney hunting practices or Whole Foods as a stock investment are not relevant.
Statements of produce and other merchandise carried by Whole
Foods without comment are not relevant.

e Standard retrieval models can help with finding relevant posts;
but how to determine whether a post expresses an opinion?

Advanced Topics in Information Retrieval / Social Media 13



Opinion Dictionary
e What if we had a dictionary of opinion words"?
(e.g., like, good, bad, awesome, terrible, disappointing)
e Lexical resources with word sentiment information

o SentiWordNet (http://sentiwordnet.isti.cnr.it/)

> unspeakable#2 terrible#2 painful#3 dreadful#2 awful#1 atrocious#2 abominable#2 01126291

exceptionally bad or displeasing; "atrocious taste"; "abominable workmanship"; "an awful voice"; "dreadful

manners”; "a painful performance"; "terrible handwriting"; "an unspeakable odor came sweeping into the
room"

P: 0 O: 0.125 N: Feedback on SentiWordNet values: lThev are O}{.‘ |5ugge5t your values.‘

0.875

awing#1 awful#6 awesome#1 awe-inspiring#1 amazing#2 01282510

inspiring awe or admiration or wonder; "New York is an amazing city"; "the Grand Canyon is an awe-
inspiring sight"; "the awesome complexity of the universe"; "this sea, whose gently awful stirrings seem to
speak of some hidden soul beneath"- Melville; "Westminster Hall's awing majesty, so vast, so high, so silent"

P: 0.875 O: 0 N: Feedback on SentiWordNet values: ’Thev are OK.‘ |Suggest your values.‘

0.125

@ General Inquirer (http://www.wjh.harvard.edu/~inquirer/)

@ OpinionFinder (http://mpga.cs.pitt.edu)

Advanced Topics in Information Retrieval / Social Media
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Opinion Dictionary

@ He et al. [4] construct an opinion dictionary from training data

® consider only words that are neither too frequent (e.g., and, or)
nor too rare (e.q., aardvark) in the post collection D

® let Drel be a set of relevant posts (to any query in a workload) and
Drelopt C Drel D€ the sulbbset of relevant opinionated posts

® two options to measure opinionatedness of a word v
© Kullback-Leibler Divergence

P[U ‘ D?“elopt]

OPKLD(U) :P[U‘D’FelOpt] 10g2 P[U‘D l]

@ Bose Einstein Statistics

1+ A , tf (v, Dye
oppo (V) = tf (v, Dreiopt) 10g o N +log,(1+ X)) with A = f(\D y 1)

Advanced Topics in Information Retrieval / Social Media 15



Re-Ranking

@ He et al. [4] measure opinionatedness of a post d as follows
@ consider the set Qopt Of K Most opinionated words from the dictionary
® issue Qopt s a query (e.g., using Okapi BM25 as a retrieval model)

® the retrieval status value score(d, Qopt) Mmeasures how opinionated d is

@ Posts are ranked in response to query Q (e.g., whole foods)
according to a (linear) combination of retrieval scores

score(d) = a - score(d, Q) + (1 — «) - score(d, Q opt)
with O < a < 1 as a tunable mixing parameter

Advanced Topics in Information Retrieval / Social Media 16



Sentiment Expansion

e Huang and Croft [5] expand the query with query-independent
(Q1) and query-dependent (Qp) opinion words; posts are then
ranked according to

score(d) = « - score(d, Q) + B - score(d, Q)
+ (1 —a—p) - score(d,Qp)

with O < @, B < 1 as a tunable mixing parameters
and retrieval scores based on language model divergences

@ Query-independent opinion words are obtained as
e seed words (e.g, good, nice, excellent, poor, negative, unfortunate, ...)

@ most frequent words in opinionated corpora (e.g., movie reviews)

Advanced Topics in Information Retrieval / Social Media 17



Sentiment Expansion

© Examples: (of most frequent words in different corpora)

e Cornell movie reviews: like, even, good, too, plot
© MPQA opinion corpus: against, minister, terrorism, even, like

@ Blog06(op): like, know, even, good, too

@ Qbservation: Query-independent opinion words are very general
(e.qg., like, good) or specific to the corpus (e.g., minister, terrorism)

Advanced Topics in Information Retrieval / Social Media
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Sentiment Expansion

@ Query-dependent opinion words are obtained as words that
frequently co-occur with query terms in pseudo-relevant
documents (following the approach by Lavrenko and Croft (0]

@ @Given a query g, identify the set of R of top-k pseudo-relevant
documents, and top-n words having highest probability

Plw|R]o » Plwl|d] || Plv|d,w]

deR it

tf (v,d) .
Plo|dw]={ S.0@d * Y E d
0 . otherwise

with parameter set as k = 5 and n = 20 In practice

Advanced Topics in Information Retrieval / Social Media 19



Sentiment Expansion

e Examples: (of query-dependent opinion words)

e mozart — (like, good, too, even, death, best, great, genius)
o allianz — (best, premium, great, value, traditional, fidelity)

@ wikipedia — (like, open, good, know, free, great, knowledge)

Advanced Topics in Information Retrieval / Social Media
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1.3. Feed Distillation

e Feed distillation identifies feeds (e.qg., blogs, Twitter users)
that are relevant to a specific (typically rather broad) topic

e Examples: (from TREC Blog track 2007)

®

®

e Challenges: How to capture whether a blog consistently covers

MOVIe review

flrearm control

baseball -----=-=r-rmmemannne-
garden

mobile phone

Title:
baseball

Description:

Blogs with recurring interests in Major League Baseball, or lesser
leagues, for example, giving news or analysis of games or player
MOVES.

Narrative:

Relevant blogs will have news or analysis from the major league
baseball and other leagues. Blogs listing only product reviews, or
with other nonsensical information are not relevant.

the given topic”? How to bridge vocabulary gap to posts?

Advanced Topics in Information Retrieval / Social Media
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Language Models

© Weerkamp et al. [11] develop two approaches to feed distillation
estimating language models for entire blog(ger)s and individual
posts, respectively

@ Notation:

e ablog b is a set of posts; |b| is the number of posts by b
® apostpisabag of terms
o tf(v, p) denotes the term frequency of term v in post p

e B denotes a virtual post concatenating all posts from all blogs

Advanced Topics in Information Retrieval / Social Media 22



Blogger Model (BM)

@ Estimates a language model for each blog(ger) b

Plq|6y] = ][ Plv]6]7

veEq
® Smooths probability estimates using the collection of blogs B

P[v]6,] = (1= ) - Plv|b]+ A P[v] B]

with blog-specific smoothing parameter

B
(/161 - 2 p ey 220 tf(v,0)) + 6

thus smoothing blogs with shorter posts more aggressively

Ay =

Advanced Topics in Information Retrieval / Social Media
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Blogger Model

e Two-step generation of term v from blog b
Plv|b] =) Plv|pb]P[p]|b]
peEb
assuming conditional independence of terms given blog
Plv|b]=> Plv|p]P[p|b]

PED S

2. Draw term 1. Draw post
from post from blog

@ Uniform probability of posts given blog (i.e., equal importance)
Plp|b]=1/]b]

tf (v, p)
> (w, p)

o Maximume-likelihood estimate P[v|p] =

Advanced Topics in Information Retrieval / Social Media
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Posting Model (PM)

e Estimates a language model for each individual post p

Plv]8,] = (1= Ap) - Plv|p]+ A, - Plv] B]

with post-specific smoothing parameter

5,
(D, tf(w,p)) + 8

thus smoothing short posts more aggressively

Ap =

tf (v, p)

® Maximum-likelihood estimate P|v|p]| =

> (W, p)

Advanced Topics in Information Retrieval / Social Media
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Posting Model

e Likelihood of generating query g from language model of post p

Plql6,] =[] Plv]6,]79

v Eq

e Two-step generation of query g from blog b

Plq|b]=) P[q|6,]P[p|b]
PEDL  emd e

2. Generate query 1. Draw post
from post from blog

@ Uniform probability of posts given blog (i.e., equal importance)

Plp|b]=1/]b]

Advanced Topics in Information Retrieval / Social Media
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Query Expansion

e Elsass et al. [3] proposed the highly similar Large Document
Model (~BM) and Small Document Model (~PM) approaches

@ Focus on bridging the vocabulary gap between high-level topic
descriptions (e.q., garden) and posts (e.g., seed, flower, crop)

@ Query expansion with terms from pseudo-relevant documents
retrieved from different corpora (again using the method from [6])

@ Blogs (MAP 0.266 compared to small document model 0.315)
o Posts (MAP 0.282) N

o Wikipedia articles (MAP 0.314)
e Wikipedia passages (MAP 0.313)

Advanced Topics in Information Retrieval / Social Media 27



Query Expansion

@ Query expansion based on anchor phrases in Wikipedia
® Issue original query g against Wikipedia articles as corpus
@ consider top-k and top-n (k < n) results returned by query

® score every anchor phrase a occurring in any top-n result
and pointing to a document d from the top-k result as

united states

SCOT@(CI/) = E (k — Tank(d)) . \ united states of america
- «—
(a,d) = america
anchor phrase a from top-n article e land of the free
. . . http://en.wikipedia.org/wiki/United_States
pointing to top-k article d the states

favoring frequent anchor phrases pointing to highly ranked articles

« expand query with top-m anchor phrases (MAP 0.361) L/
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1.4. Top-Story Identification

@ Top-story identification (another task within the TREC Blog
track) aims to identify the most important news stories for a
specific day d based on their coverage in the blogosphere

© real-time (online, limited statistics, time critical: small lag)

® retrospective: (offline, full statistics)

@ Notation:

© d denotes the day of interest
® Bqgis the set of posts published at day d; p denotes a post
® n denotes a news article (consisting of headline and content)

o tf(v,p) is the term frequency of term v in post p
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Top-Story Identification

© Lee and Lee [7] address retrospective top-story identification
using language models estimated from news and blogs

o Intuition: “News article important if discussed by many posts”

Importance(n,d) < KL(6, || 65,)

—_r

LM representing LM representing posts
news article n published at day d

(Note: This is a simplified version of the approach described in [7])

@ Only articles published -1/+1 around the day of interest d
are considered as candidates and ranked by the approach

Advanced Topics in Information Retrieval / Social Media 30



Blog Post Language Model

© Language model for blog posts published at d is estimated as

v,B
Y (v, Ba) + - =5l
(Zw tf(wv Bd)) T U

using Dirichlet smoothing with the collection of all posts B

Plv|0p,| =

Advanced Topics in Information Retrieval / Social Media
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News-Story Language Model

e Option 1: Estimate directly from content of news article

v,N
#(o.n) + - =it

(2w tf(w,n)) + p

using Dirichlet smoothing with the entire news collection N

Plv|0n] =

e QOption 2: Estimate from top-k pseudo-relevant blog posts Bn
retrieved using headline as query and published within
-1/+1 month of the news article; again using Dirichlet smoothing
with the collection of all posts B

e QOption 3: Interpolate language models estimated from news
article content and top-k pseudo-relevant blog posts
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Summary

@ Opinion retrieval
finds posts expressing an opinion about a specific named entity

@ Feed distillation
identifies feeds worth following for a given high-level topic

@ Top-story identification
spots most important news articles based on coverage in blogs

e Vocabulary gaps
are a common obstacle in IR but can often be bridged

e Language models
are versatile and can be used to address many (if not most) tasks
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